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Abstract: The psychological contract is a fundamental construct for understanding the
relationships established between employee and employer. However, the current literature
states that there is no validated instrument to measure this construct. The present research
aims to validate the psychological contract questionnaire developed by the PSYCONES
team, providing empirical evidence on its reliability and validity in the current labor context.
A sample of 1764 workers in the Spanish labor market was used, and a cross-validation
process was applied, in which exploratory factor analysis was performed and various
models (CFA, ESEM, CFA bifactor and ESEM bifactor) were tested to evaluate the structure
of the questionnaire. In addition, multigroup invariance analyses were performed to
examine the stability of the model according to gender and job level. The results indicated
that the four-factor ESEM model showed the best fit and representation of the following
dimensions of the psychological contract: fulfillment of company promises, fulfillment of
employee promises, psychological contract violation, and perception of justice and trust.
Likewise, the scale showed significant relationships with job satisfaction and organizational
commitment, reinforcing its concurrent validity. This study provides a psychometrically
robust instrument to assess the psychological contract in the workplace, offering a basis for
future research and practical applications in different organizational contexts.

Keywords: psychological contract; scale validation; psychometric procedures; organizational
behavior; employee relationships

1. Introduction

The last two decades have seen significant changes in the structure of companies. The
changing nature of the current socioeconomic reality has forced organizations to respond
to turbulent and changing environments, which has undoubtedly created new situations in
the workplace (Galanti et al. 2023). More specifically, the work environment has undergone
considerable transformations, driven by digitalization, automation, and, more recently, the
COVID-19 pandemic. The global health crisis not only accelerated the adoption of telework
and hybrid employment models but also intensified pre-existing structural challenges,
such as labor precariousness, wage inequality, and polarization between high-skilled and
low-skilled workers (Koutroukis et al. 2022). In addition, the impact of the pandemic on
employee well-being has been notable, generating increased work stress, digital fatigue,
and new expectations regarding job security and flexibility (Gavin et al. 2022). These
changes have reshaped the employee-employer relationship, affecting organizational trust
and perceptions of fairness in the workplace. Given this past, present, and future scenario,
it is essential to understand the employee—organization relationship and the behavior of
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people in their work environment (Walling 2023). To this end, academia has made use of
numerous approaches and theoretical perspectives over the years. One of these perspectives
corresponds to the psychological contract, a construct that focuses on understanding the
content and scope of the exchange that takes place in this relationship and the implications
it has for both the organization and the employees.

Since its introduction by Argyris (1960), and especially under the influence of
Rousseau (1989, 1995), the psychological contract has generated much attention in the
academic and professional fields, and a wealth of knowledge is now available on the
implications and consequences of expectations and obligations not fulfilled by each
party (Coyle-Shapiro et al. 2019). The roots of this construct stem from Blau’s (Blau 1964)
social exchange theory, which posits that social relationships develop through unspeci-
fied obligations and the distribution of unequal power resources. Following Rousseau’s
(Rousseau 1995) framework, the psychological contract can be defined as a set of individual
beliefs, shaped by the organization, regarding the terms of an exchange agreement between
an individual and their employer.

Therefore, the psychological contract is an individual and subjective perception, and
consequently, the parties involved in the relationship may have different views regarding
the status of the psychological contract established with the other party (Morrison and
Robinson 1997). This has led most research on this construct to sideline the perspective
of the employer/organization and instead focus primarily on the employees’ perspective,
addressing two main areas (Conway and Pekcan 2019; Topa et al. 2022): (1) the study of
the content of the psychological contract (i.e., the perceived set of promises based on the
exchange between the employee and the organization) and (2) the status of the psycho-
logical contract in terms of fulfillment and breach. Regarding the latter, it is worth noting
that the scientific literature has often used the terms breach/violation of the psychological
contract interchangeably (Topa et al. 2022; Zhao et al. 2007), despite the existence of a
conceptual distinction between the two. Psychological contract breach corresponds to
an individual’s cognitive evaluation that the other party has failed to fulfill its promises,
while the violation of the psychological contract constitutes the emotional reaction resulting
from that cognition or perception of breach (Morrison and Robinson 1997). Thus, this
conceptual distinction between breach and violation of the psychological contract implies
that a person may perceive a breach of promises but not necessarily experience feelings of
contract violation (Coyle-Shapiro et al. 2019).

In any case, the scientific literature on the psychological contract has shown great
interest in its status (in terms of fulfillment or breach) because this is the primary way in
which this construct influences employee behavior (Rousseau 1989). In this regard, the
review conducted by Topa et al. (2022) demonstrated that the breach of the psychological
contract was strongly related to attitudinal outcomes (e.g., lower organizational commit-
ment, decreased job satisfaction, and higher turnover intention) and behavioral outcomes
(e.g., reduced job performance or development of negligent behaviors in the workplace).
However, despite the attention that the psychological contract has garnered in academia
over the past 15 years (Kozhakhmet et al. 2023), many issues remain unresolved, one of
which concerns the question of how to measure this construct (Topa et al. 2022).

In a review conducted by Rousseau and Tijoriwala (1998), the authors proposed three
approaches to measuring the psychological contract. The first approach focuses on its
characteristics, determining the extent to which the psychological contract is primarily
transactional (short-term economic exchange) or relational (long-term exchange of socio-
emotional resources). The second approach focuses on content, examining the specific
terms that constitute the contract, including the promises made by the organization and
the employee. Finally, the third approach focuses on evaluation, determining the degree of
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fulfillment, change, or breach of the contract experienced within the exchange relationship.
Thus, most instruments designed to measure the psychological contract aim to differentiate
between the relational and transactional components (Adamska et al. 2015). However, the
structure of the relational-transactional scale has not garnered substantial empirical support
(Raeder et al. 2009). Leaving aside the bipolarity that encompasses the relational and
transactional poles of the psychological contract, few studies have developed instruments
that distinguish between the dimensions of employee promises and organizational promises
(De Vos et al. 2003; Raeder and Grote 2004).

In a review conducted by Freese and Schalk (2008), the authors concluded that there
are very few validated questionnaires on the psychological contract. Moreover, most of the
developed questionnaires originate from English-speaking contexts (Millward and Hopkins
1998), with very few instruments developed or adapted for other countries and languages
(Guerrero 2005; Raeder et al. 2009). Another important issue in analyzing psychological
contract measurement instruments is that, despite researchers’ efforts, many questionnaires
have been developed using very small or highly specific samples (Barbieri et al. 2018; Gresse
and Linde 2020; Raeder et al. 2009; Spies et al. 2010; Zhang et al. 2020), which prevents
adequate generalization of the data and makes it difficult to use these questionnaires
in other contexts. Finally, it is worth noting that some of the measurement instruments
were developed some time ago and in work environments that differ significantly from
current ones (De Vos et al. 2003; Freese et al. 2008; Freese and Schalk 1997; Rousseau 1990,
2000). Therefore, it would be very valuable to have updated instruments to assess the
psychological contract, allowing for a more satisfactory understanding of the content and
status of current employment relationships.

Following the recommendations of Freese and Schalk (2008), the questionnaire de-
veloped by the PSYCONES team (Guest et al. 2010; Silla et al. 2005) is considered an
appropriate tool for assessing the psychological contract. The PSYCONES project (Psy-
chological Contract across Employment Situations) was an international research project
conducted in six European countries (Germany, Belgium, Spain, the Netherlands, the
United Kingdom, and Sweden), as well as Israel. The PSYCONES psychological contract
questionnaire includes dimensions such as the fulfillment of a company’s promises, fulfill-
ment of an employee’s promises, emotions related to fulfillment/breach (corresponding to
the perception of psychological contract violation), and perceived justice and trust. This
last variable is not common in Rousseau’s classic model (Rousseau 1989), but its inclusion
was intended to capture a more evaluative aspect of the exchange relationship between
both parties. Thus, the PSYCONES model aimed to explore the employment relationship
in terms of justice and trust, rather than just focusing on the exchange of specific promises
and obligations, thereby giving more importance to the bidirectionality of the relationship
(Estreder 2012). To date, the psychological contract questionnaire developed by the PSY-
CONES team has been used in numerous studies across different countries and contexts
(see Boros and Curseu 2005; Dhurup et al. 2015; Estreder et al. 2006, 2019; Snyman et al.
2015; van den Heuvel and Schalk 2009; van der Vaart et al. 2013). However, to the best of
our knowledge, there is no validation of this questionnaire, making it highly relevant to
carry out such an adaptation to have a reliable and effective instrument for use in both
academic and professional environments.

Thus, the objective of the present research is to validate the psychological contract
questionnaire developed by the PSYCONES research team (Guest et al. 2010; Silla et al.
2005), to provide empirical evidence of its reliability and validity in the current context. To
achieve this objective, the factorial structure of the questionnaire will be examined, and the
adequacy and stability of different models (CFA, bifactor CFA, ESEM, and bifactor ESEM)
will be analyzed in order to identify which provides the best fit and representation of the
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dimensions of the psychological contract. The relevance of this study lies in addressing a
critical need identified in the psychological contract literature: the validation of updated
measurement instruments adapted to contemporary work contexts (Alcover et al. 2017;
Topa et al. 2022). Despite academic interest in this construct, significant limitations persist
in existing questionnaires, and efforts are needed to adapt and expand research instruments
through the use of larger samples in different contexts and more robust statistical techniques.
Although the PSYCONES psychological contract questionnaire is considered an appropriate
tool for assessing this construct (Freese and Schalk 2008), its lack of validation may limit
its utility in current research. In a time when organizations are facing constantly changing
work environments (Shore et al. 2024), having validated and reliable instruments is crucial
for understanding current employment relationships and designing effective interventions
that promote organizational and employee well-being. This research aims to make a
significant contribution in this direction by offering an adapted and validated tool that will
be useful for both researchers and human resource management professionals.

2. Materials and Methods
2.1. Participants

The sample consisted of 1764 individuals from the Spanish labor market, of which
928 (52.61%) were women and 836 (47.39%) were men. Since a cross-validation process
was followed, the total sample was divided into two random groups. Table 1 presents the
distribution of the sociodemographic variables collected according to the two subgroups,
as well as for the total sample.

Table 1. Descriptive statistics of sociodemographic data distributed by group.

ny (882) ny (882) N (1764)
Gender
Man 434 (49.21%) 402 (45.58%) 836 (47.39%)
Woman 448 (50.79%) 480 (54.42%) 928 (52.61%)
Age (SD) 33.99 (10.81) 37.89 (12.48) 35.94 (11.84)
Type of Employment Contract
Temporary contract 239 (27.1%) 173 (19.61%) 412 (23.36%)
Civil servant 56 (6.35%) 99 (11.22%) 155 (8.79%)
Discontinuous contract 22 (2.49%) 71 (8.05%) 93 (5.27%)
Permanent contract 565 (64.06%) 539 (61.11%) 1104 (62.59%)
Job Level
Management 195 (22.11%) 171 (19.39%) 366 (20.75%)
Middle management 263 (29.82%) 193 (21.88%) 456 (25.85%)
Workers 424 (48.72%) 518 (58.73%) 942 (53.40%)
Sectors
Services 740 (83.9%) 515 (58.39%) 1255 (71.15%)
Industry 45 (5.10%) 98 (11.11%) 143 (8.11%)
Education 16 (1.81%) 74 (8.39%) 90 (5.10%)
Public Administration 27 (3.06%) 51 (5.78%) 78 (4.42%)
Commerce 25 (2.83%) 83 (9.41%) 108 (6.12%)
Healthcare 29 (3.29%) 61 (6.92%) 90 (5.10%)
Level of Education
Basic education 52 (5.90%) 58 (6.58%) 110 (6.24%)
Secondary education 289 (32.77%) 234 (26.53%) 523 (29.65%)
Vocational training 185 (20.98%) 177 (20.07%) 362 (20.52%)
University education 304 (34.47%) 302 (34.24%) 606 (34.35%)
Postgraduate education 52 (5.90%) 111 (12.59%) 163 (9.24%)

Note. SD = standard deviation.
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As can be seen, in most of the variables, the percentage values corresponding to each
subgroup are quite similar to each other, ranging within relatively narrow intervals.

2.2. Measures

The psychological contract was measured using the questionnaire developed by the
PSYCONES research team (Guest et al. 2010; Silla et al. 2005), based on the works of Alcover
(2002), Anderson and Schalk (1998), and Thomas and Anderson (1998). This instrument
encompasses four dimensions: (1) the fulfillment of a company’s promises, with 15 items
(e.g., “Has your organization fulfilled the promises made about your participation in decision
making?”); (2) fulfillment of employee’s promises, with 17 items (e.g., “Have you kept your
promises to work well as a team?”); (3) psychological contract violation, assessed through
6 items considering various emotions resulting from the fulfillment/non-fulfillment of the
contract (e.g., “Considering the degree to which your company/organization has or has
not fulfilled its promises, do you feel betrayed?”); and (4) justice and trust perceived by the
employee toward the organization, with 7 items (e.g., “In general, do you feel that you are
fairly rewarded for the effort you put into your work?”). The 45 items use a Likert-type
response format, ranging from 1 (strongly disagree) to 6 (strongly agree).

Organizational commitment was assessed using the questionnaire developed by Cook
and Wall (1980), consisting of five items (e.g., “Even if this organization were not doing
well, I would be reluctant to change organizations”). The response scale is in Likert-type
format, ranging from 1 (strongly disagree) to 5 (strongly agree).

Finally, job satisfaction was measured using the questionnaire developed by the
PSYCONES research team (Estreder et al. 2006; Guest et al. 2010; Peir6 et al. 2007),
adapted from Price’s (1997) instrument, which assesses job satisfaction through four items
(e.g., “Most days I am excited about my work”). The response scale is in Likert-type format,
ranging from 1 (strongly disagree) to 5 (strongly agree).

2.3. Procedure

Regarding data collection, this procedure was carried out by the research team through
online forms designed with Google Forms. These forms were sent to a wide variety of
companies located in different regions of Spain in order to ensure a diverse representation
of sectors and organizations. Contact was established with human resources managers
and directors, who facilitated the distribution of the questionnaire among employees. Data
collection was carried out in a structured manner between 2022 and 2024.

The survey was divided into two parts. In the first, each participant responded to
the 45 items of the psychological contract questionnaire (first block). This allowed the
1764 respondents to initially complete the main variable of the study. Likewise, the variables
of job satisfaction and organizational commitment were included in another block, which
only 1052 people answered (approximately 60% of the total). Thus, the second block
contained, in addition to the psychological contract questionnaire, four items of the job
satisfaction questionnaire (Estreder et al. 2006; Guest et al. 2010; Peir6 et al. 2007) plus
five items of the organizational commitment questionnaire (Cook and Wall 1980). The
presentation of the questionnaires was always the same, beginning with a brief description
of the purpose of the research, together with a guarantee of the anonymity of the data and
the absence of questions on sensitive or personal topics (to ensure, as far as possible, the
reliability of the responses), followed by instructions on how to complete the entire survey.

2.4. Data Analysis

To achieve the objectives of this research, the recommendations proposed by Ferrando et al.
(2022) and Hernandez et al. (2020) were followed. In order to increase the validity and
generalizability of the results, a cross-validation procedure was implemented, dividing the
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total sample into two random subgroups. Thus, with the first subsample (1; = 882), an
exploratory factor analysis (EFA) was conducted to study the instrument’s dimensionality.
Prior to this, the adequacy measures for factor analysis, Kaiser-Meyer—Olkin coefficient
(KMO) and Bartlett’s test of sphericity, were examined. The EFA was performed on the
polychoric correlation matrix, using the principal axis factoring estimation with an oblique
promax rotation. To determine the number of factors to extract, parallel analysis and the
empirical Kaiser criterion (EKC; Braeken and van Assen 2017) were used, following the
recommendations of Auerswald and Moshagen (2019) regarding the determination of
factors to retain in exploratory factor analysis with large sample sizes (N > 500). According
to the EFA results, those items with factor loadings lower than 0.40 in the main factor or
that had cross-loadings with a difference of less than 0.30 with respect to the loading of the
main factor were removed (Lloret-Segura et al. 2014).

Once the questionnaire was explored, the second subsample (11, = 882) was used to
assess its internal structure through four alternative models, which included confirmatory
factor analyses (CFA), bifactor CFA, exploratory structural equation modeling (ESEM),
and bifactor ESEM. Through the CFA, a four-factor model was calculated, where the
loading of each item was restricted to a single factor, preventing cross-loadings with other
factors (for this reason, this model is also commonly known in the scientific literature as
the independent clusters model, ICM-CFA). This model included four correlated factors
representing the dimensions of fulfillment of a company’s promises, fulfillment of an
employee’s promises, psychological contract violation, and perceived justice and trust.
Through ESEM, the same set of four factors was represented using a target oblique rotation,
which allows for estimating all main loadings while approximating cross-loadings as close
to zero as possible. Thus, ESEM allows for more realistic model constraints and provides
less biased factor loadings and correlations (Asparouhov and Muthén 2009). In the bifactor
CFA, all items were allowed to load simultaneously on a general factor (G) and four specific
factors (S), corresponding to the dimensions of the psychological contract questionnaire,
without allowing for cross-loadings between dimensions or correlations among them. The
value of the bifactor model lies in its ability to determine unidimensionality in the presence
of multidimensionality (Reise 2012). Finally, the bifactor ESEM allowed for estimating
the same set of G and S factors as in the bifactor CFA solution while allowing for the
free estimation of cross-loadings between the S factors through target orthogonal rotation,
setting the correlations between the S factors to zero (Morin et al. 2016a). Figure 1 provides
a simplified representation of each of the four models. All models were calculated using
maximum likelihood estimation with robust standard errors and a scaled test statistic from
Satorra—Bentler (Satorra and Bentler 1994), treating the items as continuous variables due
to the number of categories used for each item in each factor (Rhemtulla et al. 2012).

To assess the fit of the models, the guidelines proposed by Brown (2015) and Kline
(2023, 2024) were followed. Specifically, to evaluate the global model fit, the following
indices were used (taking the robust version determined by the maximum likelihood
estimation with robust standard errors): comparative fit index (CFI), Tucker-Lewis index
(TLI), root mean square error of approximation (RMSEA), and standardized root mean
square residual (SRMR). Regarding the CFI and TLI, values greater than 0.95 indicate
optimal fit, while values greater than 0.90 indicate good fit. RMSEA values should be below
0.08 for reasonable fit and below 0.06 for good fit. Finally, SRMR values below 0.08 indicate
good model fit.

Since the four proposed models were nested, a comparison was made using the
RMSEAD, following Savalei et al. (2024). The RMSEAp, differs from the change in RMSEA
(ARMSEA), in that the former is calculated based on the difference in x?, rather than
subtracting the difference of the independent RMSEAs calculated for the two models. The
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(a) Four-factor CFA

RMSEAp can be interpreted as a typical RMSEA, where lower values represent a smaller
difference in fit between the models (Savalei et al. 2024).

(b) Four-factor ESEM

Figure 1. Simplified graphical representation of the four tested models.

On the other hand, the local fit of the models was also analyzed by examining the
absolute correlations residuals that exceeded the absolute value of 0.10 for the same pair
of variables, as these may be indicators of model specification errors (Maydeu-Olivares
2017). For this purpose, and following the recommendations of Kline (2024), the Benjamini-
Hochberg (BH) procedure was used to control multiplicity when performing significance
testing of residuals. The Benjamini-Hochberg procedure (Benjamini and Hochberg 1995)
tends to minimize both false positives and false negatives by controlling the rate of false
negatives (Jafari and Ansari-Pour 2019). After correcting the p-values for the multiple
significance tests, the absolute residuals that were significant and exceeded 10.10| for
correlation residuals were selected for further inspection in the final model. In this regard,
it is worth noting that, based on the study of these absolute correlation residuals, there
is no simple and automatic rule that allows the researcher to decide whether to reject the
model or not (Kline 2024).

In addition to examining the fit indices, parameter estimates were also evaluated
to select the best alternative among the models tested. Following the recommendations
of Morin et al. (2016a, 2016b), the first step consisted of comparing the CFA and ESEM
solutions, examining the factor loadings and correlations between factors, and supporting
the model that presented lower correlations between the four dimensions (Swami et al.
2023). The next step was to contrast the retained model with its bifactor counterpart (bifactor
CFA or bifactor ESEM). In this case, the arguments in favor of a bifactor representation are
the presence of a well-defined G factor with strong factor loadings and the reduction in
cross-loadings in the bifactor ESEM compared to the normal ESEM (Howard et al. 2016).
Prior to this step, for the bifactor CFA and bifactor ESEM models, the power and reliability
of the general factor were determined through the common variance explained (ECV),
hierarchical omega (wh), and the percentage of uncorrelated correlations (PUCs) (the latter
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was obtained only for the bifactor CFA model). Values above 0.70 in the mentioned indices
support the presence of a strong general factor (Rodriguez et al. 2016).

Multigroup measurement invariance analyses were also performed with the total sam-
ple to examine the stability of the factor structure across two sociodemographic variables
(gender and employment level), following the steps described by Kline (2023). The choice
of these variables is because they allow for the creation of groups with a balanced number
of subjects, ensuring sufficient statistical power, and because of their relevance for the
study of the psychological contract, especially in the case of the job level variable (Dick
and Nadin 2011; Ellis 2007; Rogozinska-Pawetczyk and Buchali 2022). Therefore, models
of configurational invariance (equal structure), metric invariance (equal loadings), scalar
invariance (equal intercepts), and strict invariance (equal residuals) were estimated. For
each model, whether imposing these restrictions caused a significant loss of fit in the CFI,
RMSEA, and SRMR indices was evaluated (Chen 2007). For large samples and groups with
balanced sizes, metric invariance is achieved if changes in the CFI, RMSEA, and SRMR
between the configurational and metric models are less than 0.010, 0.015, and 0.030, respec-
tively (1 ACFII <0.010; | ARMSEA | <0.015; | ASRMR | < 0.030); scalar and strict invariance
are achieved if, between the metric and scalar models and between the scalar and strict
models, these indices have variations smaller than 0.010, 0.015, and 0.010, respectively
(IACFII <0.010; |ARMSEA | <0.015; |ASRMR | < 0.010) (Chen 2007). However, given
that the interpretation of the variation in these indices should be considered as a guideline
and not as an absolute criterion (Putnick and Bornstein 2016), the multigroup invariance
analyses are further strengthened by reporting and discussing the values provided by the
RMSEAp (Savalei et al. 2024).

Finally, the reliability of the dimensions of the psychological contract scale was eval-
uated using the composite reliability index, which has been proposed as a superior alter-
native to other measures (Ronkko and Cho 2022). Additionally, the concurrent validity
of the scale was analyzed through correlation analysis and structural equation modeling,
using job satisfaction and organizational commitment as criterion variables—two con-
structs that have been shown to be highly related to the psychological contract (Topa et al.
2022; Zhao et al. 2007). First, the correlations between the total scores of the psychological
contract scale dimensions and the total scores of job satisfaction and organizational commit-
ment were analyzed. Second, a structural equation modeling analysis was conducted using
maximum likelihood estimation with robust standard errors, in which each dimension of
the psychological contract was an exogenous latent variable, while job satisfaction and
organizational commitment were endogenous latent variables.

All analyses were performed using the “lavaan” package (Rosseel 2012), “semTools”
(Jorgensen et al. 2022), and “psych” (Revelle 2024) in R (version 4.4.2).

3. Results

In the first subsample (17 = 882), both KMO (0.94) and Bartlett’s statistic (p < 0.001)
showed a good data fit to be submitted to the EFA. The recommended number of dimen-
sions according to the parallel analysis (Figure 2) and the EKC was four, so EFA was run
with this four-dimension structure.

The EFA results (Table 2) show that all item loading on a single factor obtained
loadings between 0.89 and 0.50. However, items 3 and 14 of the company promises
dimension, items 1 and 3 of the psychological contract violation dimension, and items 1,
12, and 16 of the worker promises dimension obtained loadings below 0.40 on their main
factor. In addition, items 4, 10, and 15 of the company promises dimension, item 6 of the
psychological contract violation dimension, and items 7 and 17 of the worker promises
dimension obtained cross-loadings with a difference with respect to the main loading of
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less than 0.30; thus, following the recommendations of Lloret-Segura et al. (2014), these
items were removed from the subsequent CFA and ESEM. In summary, the EFA revealed
a four-factor, 32-item structure that explained 48% of the variance. The final four factors
make theoretical sense due to the content of the items that compose them.

-~ Actual Data - - Simulated Data = Resampled Data

15

10

Eigenvalues

BV p—

TR et et Bt Bt Bt Bt Bt B

O =0
0 10 20 30 40
Number of Factors

Figure 2. Parallel analysis results.

Table 2. Rotated factor loading matrix.

Item Mean (SD) F1 F2 F3 F4 Item Mean (SD) F1 F2 F3 F4
CP01 3.79 (1.87) 0.669 0.007 —0.020 —0.024 EP02 4.81 (1.57) 0.197 —0.134 0.523 —0.053
CP02 4.74 (1.60) 0.501 0.051 —0.052 0.000 EP03 5.30 (1.04) 0.011 0.102 0.694 0.001
CP03 3.98 (1.74) 0.392 0.371 —0.120 0.036 EP04 5.09 (1.24) 0.005 —0.008 0.658 0.062
CP04 4.56 (1.58) 0.459 0.088 0.002 —0.310 EPO05 5.16 (1.07) —0.019 0.001 0.634 —0.007
CP05 3.68 (1.93) 0.607 0.130 0.007 0.075 EP06 5.48 (0.75) —0.129 —0.084 0.649 —0.224
CP06 3.43 (2.01) 0.825 —0.116  —0.062 0.072 EP07 5.31 (1.03) —0.213  —0.040 0.461 —0.152
CP0o7 3.60 (1.95) 0.741 —0.010 —0.008 0.095 EP08 5.38 (1.05) 0.008 -0.132 0.613 —0.058
CP08 3.38 (2.04) 0.535 0.130 0.020 0.066 EP09 4.62 (1.68) 0.062 0.041 0.550 0.207
CP09 4.67 (1.82) 0.521 —0.078 0.099 —0.204 EP10 5.03 (1.32) 0.105 —0.048 0.638 0.061
CP10 4.74 (1.52) 0.458 —0.009 0.081 —0.340 EP11 5.35 (0.87) —-0.151 —0.003 0.630 —0.109
CP11 3.96 (1.80) 0.832 —0.079 0.001 —0.027 EP12 3.67 (2.10) 0.185 0.010 0.291 0.222
CP12 4.66 (1.49) 0.516 0.053 0.034 —0.155 EP13 443 (1.61) 0.159 —0.056 0.554 —0.002
CP13 3.68 (1.92) 0.892 —-0.139  —0.009 0.031 EP14 4.73 (1.51) 0.211 —0.032 0.591 0.123
CP14 4.21 (1.81) 0.354 0.143 0.006 —0.194 EP15 5.57 (0.77) —0.176 0.092 0.503 —0.149
CP15 4.59 (1.56) 0.459 0.179 —-0.016 —0.277 EP16 4.30 (1.81) 0.271 0.126 0.379 0.260
Cvo1 3.95 (0.99) 0.080 0.285 0.031 —0.337 EP17 5.20 (1.28) 0.005 0.221 0.494 0.026
Cvo02 1.82 (1.06) —0.001 —0.080 —0.008 0.677 Jo1 3.42 (1.06) —0.088 0.856 —0.041 0.043
CV03 3.76 (1.03) 0.142 0.170 0.000 —-0.217 J02 3.28 (1.21) 0.035 0.806 0.004 0.060
CVo4 1.65 (1.11) —0.025 —0.063 0.042 0.674 J03 3.23 (1.18) —0.022 0.760 —0.002 —0.040
CVo05 1.98 (1.25) —0.029  —0.095 0.026 0.683 Jo4 3.54 (1.11) —0.043 0.761 0.011 —0.076
CVo06 3.86 (1.10) 0.136 0.277 0.033 0.477 JO5 3.19 (1.27) —0.095 0.819 —0.086 0.112
EP01 4.32(1.97) —0.015 0.058 0.342 0.168 Jo6 3.48 (1.14) 0.089 0.636 0.013 —0.011
Jo7 3.96 (1.04) —0.084 0.616 0.084 —-0.217

Note. 11 = 882; SD = standard deviation; CP = fulfillment of company’s promises; CV = psychological contract
violation; EP = fulfillment of employee’s promises; ] = justice and trust. EFA with principal axis factoring and
promax rotation. Factor loadings greater than 0.40 that do not share cross-loadings with a difference of less than
0.30 are in bold.

Regarding the assessment of validity evidence based on internal structure, the four
structural equation models depicted above in Figure 1 were tested with a comparison of the
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nested model fit. None of the models presented Heywood cases, as there were no negative
error variances and no R? statistic with a value greater than 1. The fit indices of the four
models tested (four-factor CFA, four-factor ESEM, bifactor CFA, and bifactor ESEM) are
shown in Table 3.

Table 3. Fit indices of the different models for the psychological contract scale and comparison of
nested models.

Global Fit Local Fit
Tested Model df x> RMSEA (90% CI) CFI TLI SRMR CR RMSEAp (90% CI)
Four-factor CFA 458 1483.355 0.061 (0.058, 0.064) 0.918 0.911 0.052 7.06%
Bifactor CFA 432 1287.560 0.057 (0.054, 0.061) 0.931 0.921 0.052 6.65% 0.104 (0.093, 0.116)
Four-factor ESEM 374 1131.858 0.059 (0.055, 0.063) 0.937 0.916 0.030 1.81% 0.044 (0.036, 0.052)
Bifactor ESEM 346 900.542 0.052 (0.048, 0.056) 0.955 0.935 0.023 0.81% 0.122 (0.112, 0.133)

Note. 1, = 882; df = degrees of freedom; x2 = chi-square; RMSEA = root mean square error of approximation;
CFI = comparative fit index; TLI = Tucker-Lewis index; SRMR = standardized root mean square residual;
CR = percentage of significant absolute correlation residuals greater than 10.101; RMSEAp = root mean square
error of approximation associated with the x? difference test, each index is obtained from comparison with the
previous model in the table. The p-values associated with the x? test of fit are 0.000 in all four models.

As can be seen, the four models showed adequate global fit indices. However, the
four-factor ESEM, bifactor CFA, and bifactor ESEM solutions obtained the best global fit
indices, highlighting the increase in the CFI and TLI values. Going deeper into the analysis
of the differences in the global fit indices of the models, the RMSAp revealed that the
four-factor CFA model had the worst global fit to the data than the rest of the models,
obtaining an RMSAp index of 0.104 with respect to the bifactor CFA model. On the other
hand, the RMSAp obtained between the four-factor ESEM model and the bifactor CFA
model was 0.044, suggesting that both models have a similar overall fit. Finally, the bifactor
ESEM model presented the best global fit, with an RMSAp of 0.122 between the bifactor
ESEM model and the four-factor ESEM model.

Nevertheless, the choice of a model cannot be based solely on the global fit indices,
since these represent the central tendency of the residuals, or where most of their values lie,
without measuring their variability or dispersion. Therefore, it is also essential to examine
the local fit of the models, which can be assessed through the correlation residuals (Kline
2024). Thus, in the four models analyzed, as there are a total of 32 observed variables
(items), there are 496 residual correlations. After applying the Benjamini-Hochberg (BH)
procedure to correct multiplicity in the residuals significance analysis, the results revealed
that the four-factor CFA and bifactor CFA models had a higher number of significant
correlation residuals greater than 10.101 (Figure 3).

More specifically, the four-factor CFA model obtained a total of 136 significant correla-
tion residuals, of which 35 had values greater than 10.101 (7.05% of the total correlation
residuals). The bifactor CFA model had a total of 93 significant correlation residuals, of
which 33 had values greater than 10.101 (6.65% of the total correlation residuals). Con-
versely, four-factor ESEM and bifactor ESEM models had fewer significant correlation
residuals (33 and 29, respectively), of which only 9 (1.81% of the total correlation residuals)
and 4 (0.81% of the total correlation residuals) had values greater than 10.10|. Furthermore,
the significant correlation residuals of the four-factor ESEM and bifactor ESEM solutions
were all less than the absolute value of 0.20, a fact that did not occur in the four-factor CFA
and bifactor CFA models. In summary, these results reveal that the four-factor ESEM and
bifactor ESEM models presented a better local fit with respect to the four-factor CFA and
bifactor CFA models.
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Figure 3. Histogram for correlation residuals significant at BH corrected p < 0.05 for the four models.

Finally, in the last step of evaluating the four models, following the recommendations
of Morin et al. (2016a, 2016b), a comparison of the parameter estimates of the four-factor
CFA and four-factor ESEM models was first carried out. Thus, Table 4 shows the factor
loadings, cross-loadings, and uniqueness of each item for the four-factor CFA and four-
factor ESEM models, while Table 5 presents the correlations between factors of both models.
As can be seen in Table 4, the overall size of the factor loadings of the items on their target
factors remained similar in the four-factor CFA (A = 0.588 to 0.883; M = 0.752) and four-
factor ESEM solutions (A = 0.554 to 0.895; M = 0.733), showing the existence of well-defined
factors. In the ESEM solution, the target factor loadings consistently remained well above
the cross-loadings, which were generally very small (1Al =0to 0.258; IM| = 0.056). In fact,
only one cross-loading was higher than 10.20 | : item 14 of the worker promises (developing
new skills and improving current ones) had a cross-loading on the company promises
factor of 0.258, while the standardized loading on its corresponding factor was 0.635. The
rest of the cross-loadings obtained values that were below 10.1701.

In turn, the correlations between factors (Table 5) were slightly lower in the four-
factor ESEM model (r = —0.511 to 0.648; | M | = 0.337) than in the four-factor CFA model
(r=—0.579 to 0.690; IM| = 0.382), which lends support to the use of the exploratory
structural equation model (Swami et al. 2023). Furthermore, it is worth commenting that the
overall pattern of these correlations was not altered by the use of the four-factor CFA or four-
factor ESEM solution. Also, the two important aspects revealed in the correlation analysis
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between the factors are worth noting. First, the correlation between the psychological
contract violation and employee promises factors in both models was very low and not
significant. Second, the correlation between company promises and psychological contract
violation, although significant, had a correlation index that was not very high. Finally, it
should be noted that the highest correlations between factors were between the dimensions
of company promises and perceived justice and trust, and between psychological contract
violation and perceived justice and trust. Therefore, considering the fact that the four-
factor ESEM model obtained better global fit indices with respect to the four-factor CFA
model, a better local fit, and a decrease in the magnitude of the correlations between the
factors, we proceed to retain the four-factor ESEM solution for comparison with the bifactor
ESEM model.

Table 4. Standardized factor loadings (A) and uniqueness (5) for the four-factor CFA and four-factor ESEM.

Four-Factor CFA Four-Factor ESEM
Items A 8 Factor1(A) Factor2 (A) Factor3 (A) Factor 4 (A) 8
1. Company promises
CP01 0.817 0.333 0.766 0.014 0.009 0.074 0.337
CP02 0.775 0.400 0.747 —0.044 —0.032 0.023 0.410
CP05 0.762 0.419 0.697 0.042 0.055 0.095 0.412
CP06 0.768 0.411 0.895 —0.022 —0.027 —0.165 0.366
CPro7 0.804 0.354 0.832 0.016 —0.011 —0.020 0.342
CP08 0.807 0.348 0.749 —0.001 0.054 0.057 0.353
CP09 0.757 0.427 0.606 —0.045 0.028 0.167 0.435
CP11 0.831 0.310 0.868 —0.022 0.005 —0.056 0.293
CP12 0.722 0.479 0.554 —0.093 0.032 0.166 0.476
CP13 0.823 0.322 0.843 —0.030 —0.016 —0.023 0.306
2. Psychological contract violation
CVo02 0.821 0.326 —0.030 0.769 0.000 —0.069 0.332
CvV04 0.835 0.302 —0.024 0.873 —-0.017 0.040 0.258
CV05 0.858 0.264 —0.069 0.776 0.011 —0.066 0.300
3. Employee promises
EP02 0.697 0.514 0.124 0.070 0.653 —0.001 0.514
EPO3 0.719 0.483 0.066 0.043 0.671 0.096 0.480
EP04 0.729 0.469 0.056 0.108 0.684 0.101 0.468
EP05 0.638 0.593 —0.035 0.067 0.648 0.018 0.587
EP06 0.599 0.641 —0.138 —0.145 0.667 —0.053 0.584
EPO08 0.636 0.595 —0.100 —0.085 0.683 —0.029 0.564
EP09 0.710 0.497 —0.021 0.067 0.702 0.049 0.502
EP10 0.680 0.537 0.079 —0.034 0.689 —0.137 0.523
EP11 0.588 0.654 —0.064 —0.089 0.641 —0.099 0.618
EP13 0.697 0.514 —0.074 0.009 0.699 0.082 0.513
EP14 0.688 0.527 0.258 0.049 0.635 —0.125 0.496
EP15 0.610 0.628 —0.128 —0.068 0.644 0.062 0.599
4. Justice and trust
Jo1 0.787 0.380 0.052 —0.045 —0.072 0.742 0.379
J02 0.848 0.282 0.108 0.010 0.034 0.768 0.284
Jo3 0.853 0.273 —0.009 0.006 0.014 0.862 0.266
Jo4 0.883 0.221 —0.011 —0.036 0.031 0.868 0.214
J05 0.715 0.488 0.058 0.002 —0.056 0.689 0.487
Joé6 0.823 0.323 0.060 —0.016 0.056 0.759 0.323
Jo7 0.793 0.372 —0.049 —0.074 0.007 0.787 0.362

Note: np = 882; CP = fulfillment of company’s promises; CV = psychological contract violation; EP = fulfillment of
employee’s promises; ] = justice and trust. Boldface indicates target ESEM factor loadings.
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As for the bifactor solutions, Table 6 shows the results of the parameter estimates of
the bifactor CFA and bifactor ESEM models. It was previously shown that the bifactor CFA
and bifactor ESEM had very satisfactory global fit indices, with those corresponding to
the bifactor ESEM model being higher. However, it should be noted that bifactor models
may tend to overfit the data regardless of whether the population model has a bifactor
structure or not (Bonifay and Cai 2017; Bonifay et al. 2017; Markon 2019). Therefore, when
evaluating these models, it is necessary to attend to more criteria in addition to the global
fit indices. In this line, and as can be noticed when observing Table 6, the general factor in
both models is not sufficiently well defined, since there are factor loadings below 0.30 in
this general factor (Swami et al. 2023). This fact is also contrasted when evaluating the ECV
and wh values. Even though the PUC provided a value of 0.723 for the bifactor CFA model,
which is higher than the established minimum (>0.70), the ECV indices of the bifactor
CFA and bifactor ESEM models are 0.493 and 0.446, respectively, which are below the
minimum required to consider that a model has a bifactor structure (>0.70) (Rodriguez et al.
2016). Likewise, the values of the wh of the bifactor CFA (wh = 0.641) and bifactor ESEM
(wh = 0.564) have not reached the cutoff point of 0.70 to support the existence of a strong
general factor. Congruently, the ESEM bifactor model has not reduced the indices of the
cross-factor loadings (1Al =0to0 0.213; | M| =0.069) but has slightly increased them with
respect to the ESEM solution (IA| =0 to 0.258; IM | =0.056).

Table 5. Standardized factor correlations for the four-factor CFA and four-factor ESEM.

1 2 3 4
1. Fulfillment of company promises —0.393 **  0.323 ** 0.690 **
2. Psychological contract violation —0.304 ** —0.063  —0.579 **
3. Fulfillment of employee promises 0.297 ** —0.044 0.245 **
4. Justice and trust 0.648 ** —0.511*  0.220 **

Note: 1, = 882. Four-factor CFA correlations are shown above the diagonal; four-factor exploratory structural
equation modeling correlations are shown below the diagonal. ** p < 0.01.

In summary, the analyses performed so far suggest retaining the four-factor ESEM
model as the solution that best represents the data. As shown above, the four-factor CFA
model obtained significantly lower global fit indices than the four-factor ESEM model,
in addition to having a worse local fit and providing higher factor correlations than the
four-factor ESEM model. For its part, the bifactor CFA model showed similar global fit
indices to those of the four-factor ESEM model, although the local fit was worse in the
bifactor model. As for the bifactor ESEM model, it obtained significantly higher global fit
indices and a very good local fit. However, both bifactor CFA and bifactor ESEM models
did not reflect the existence of a well-defined general factor, and the bifactor ESEM model
slightly increased the cross-loadings of the items in specific factors, rather than reducing
this factor loadings.

Regarding the multigroup measurement invariance analysis, two sociodemographic
variables were used for the present study to test the stability of the factor structure. Specifi-
cally, the multigroup invariance analyses were carried out using the gender variable (male
and female), and the job level variable, recoded to provide two groups of similar size (basic
workers and managers/supervisors). Thus, as a prior step to invariance analysis, Table 7
shows the global fit indices corresponding to the four-factor ESEM model calculated for
each group separately.

To perform the multigroup measurement invariance analysis, the steps described by
Kline (2023) were followed, calculating first the configurational invariance (equal structure),
followed by metric invariance (equal loadings), scalar invariance (equal intercepts), and,
finally, strict invariance (equal residuals). In this regard, it should be noted that, when
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invariance tests fail, it is typical to consider partial invariance tests, in which the invariance
restrictions are relaxed for one or a small number of parameters. Therefore, since the
operationalization of the ESEM precludes its use in partial invariance estimation, the
ESEM-within-CFA approach (EWC; Marsh et al. 2013) was used to perform the invariance
analyses. The EWC basically consists of transforming the ESEM solution into the standard
CFA framework in order to perform the analyses mentioned above (Morin et al. 2013).

Table 6. Standardized factor loadings (A) and uniqueness (5) for bifactor CFA and bifactor ESEM.

Bifactor CFA Bifactor ESEM

Ttems G-Factor  S-Factor s G-Factor S-Factor S-Factor S-Factor S-Factor s

M) ) ) 1(A) 2(A) 3(A) 4 (A)
1. Company promises
CP01 0.780 0.219 0.343 0.642 0.499 0.032 0.038 0.053 0.334
CP02 0.798 0.045 0.361 0.577 0.515 —0.022 0.002 0.066 0.397
CP05 0.720 0.243 0.423 0.644 0.407 0.067 0.066 0.007 0411
CP06 0.657 0.511 0.308 0.575 0.536 0.025 0.005 —0.113 0.368
CPo7 0.733 0.336 0.350 0.645 0.486 0.053 0.010 —0.055 0.342
CP08 0.772 0.225 0.353 0.650 0.467 0.026 0.074 0.023 0.353
CP09 0.810 —0.041 0.342 0.601 0.437 —0.037 0.052 0.154 0.420
CP11 0.763 0.358 0.289 0.664 0.511 0.024 0.025 —0.065 0.293
CP12 0.798 —0.110 0.352 0.567 0.426 —0.086 0.057 0.185 0.452
CP13 0.733 0.448 0.263 0.660 0.505 0.010 0.007 —0.033 0.308
2. Psychological contract violation
CVo02 —0.381 0.722 0.333 —0.441 0.012 0.671 0.061 —0.133 0.333
CV04 —0.342 0.782 0.272 —0.398 0.018 0.751 0.049 —0.090 0.267
CV05 —0.403 0.746 0.281 —0.505 0.038 0.676 0.085 —0.075 0.273
3. Employee promises
EP02 0.279 0.635 0.519 0.350 —0.008 0.116 0.594 —0.138 0.492
EPO3 0.340 0.638 0.478 0.382 —0.014 0.078 0.612 —0.048 0.472
EP04 0.306 0.658 0.473 0.397 —0.078 0.152 0.618 —0.118 0417
EP05 0.164 0.619 0.590 0.197 —0.048 0.091 0.603 —0.060 0.583
EPO6 0.095 0.615 0.613 —0.032 0.138 —0.170 0.699 0.213 0.417
EP08 0.126 0.639 0.576 0.087 0.043 —0.076 0.671 0.085 0.527
EP09 0.199 0.678 0.501 0.352 —0.175 0.129 0.623 —0.190 0.405
EP10 0.189 0.656 0.533 0.160 0.097 —0.004 0.666 —0.050 0.519
EP11 0.106 0.597 0.632 —0.022 0.155 —0.104 0.667 0.144 0.498
EP13 0.199 0.669 0.513 0.297 —0.118 0.047 0.631 —0.068 0.492
EP14 0.317 0.613 0.524 0.318 0.123 0.097 0.596 —0.149 0.497
EP15 0.164 0.597 0.617 0.071 0.093 —0.085 0.651 0.208 0.512
4. Justice and trust
Jo1 0.559 0.554 0.380 0.674 0.011 —0.080 —0.103 0.388 0.378
Jo2 0.655 0.534 0.286 0.757 0.039 —0.023 —0.001 0.379 0.281
JO3 0.608 0.605 0.265 0.724 —0.013 —0.042 —0.022 0.454 0.267
Jo4 0.643 0.608 0.218 0.727 0.018 —0.086 —0.000 0.501 0.214
J05 0.517 0.497 0.486 0.634 —0.004 —0.029 —0.088 0.329 0.481
Jo6 0.636 0.518 0.326 0.681 0.077 —0.062 0.036 0.457 0.317
Jo7 0.568 0.555 0.370 0.598 0.050 —0.128 —0.007 0.533 0.340

Note: ny = 882; G-Factor = general factor; S-Factor = specific factors; CP = fulfillment of company’s promises;
CV = psychological contract violation; EP = fulfillment of employee’s promises; ] = justice and trust. Boldface
indicates bifactor ESEM target S-factor loadings.

Table 8 shows the results of the multigroup measurement invariance analysis per-
formed with the sociodemographic grouping variables. As can be seen, the configurational
models obtained satisfactory fit indices, which supports the presence of configurational
invariance across groups. Regarding metric invariance, the differences between the RMSEA,
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CFI, and SRMR indices in the two multigroup analyses were smaller than the criterion
determined by Chen (2007), while the RMSEAp values obtained between the configu-
rational and metric models also support the presence of metric invariance, both for the
multigroup analysis by gender (RMSEAp = 0.012) and for the multigroup analysis by job
level (RMSEAp = 0.031). Regarding scalar invariance, the changes in the RMSEA, CFI,
and SRMR indices were small and did not reach the limit considered to rule out scalar
invariance, while the RMSEAp values were less than 0.070 in the multigroup analysis by
gender (RMSEAp = 0.019) and in the multigroup analysis by job level (RMSEAp = 0.068).
Finally, with respect to strict invariance, the results presented in Table 8 show that this
type of invariance is met for the multigroup analysis by gender. In this sense, the changes
produced in the RMSEA, CFI, and SRMR fit indices between the scalar and strict models
were not large enough to rule out the presence of strict invariance in the comparisons by
gender. Furthermore, paying attention to the value of the RMSEAp, statistic, this index
also supported the presence of strict invariance in the multigroup analyses by gender
(RMSEAp = 0.037).

Table 7. Fit indices of the four-factor ESEM models for each of the subsamples generated by the
sociodemographic variables used in the multigroup measurement invariance analysis.

Group n x> RMSEA (90% CI) CFI TLI SRMR
Women 928 1167.869 0.057 (0.053,0.061) 0934 0912  0.030
Men 836 1213.124 0.061 (0.057,0.065)  0.925 0909  0.033

Basic level workers 942 1212.18 0.057 (0.053, 0.060) 0.929 0.905 0.030
Managers/supervisors 822 1088.349 0.059 (0.055, 0.063) 0.927  0.903 0.032
Note. n = number of subjects per subsample; X% = chi-square; RMSEA = root mean square error of approximation;

SRMR = standardized root mean square residual; CFI = comparative fit index; TLI = Tucker-Lewis index. The
p-values associated with the x? test of fit are 0.000 in all four models.

However, strict invariance by job level was not clearly supported by the results. More
specifically, although the changes in the RMSEA, CFI, and SRMR indices did not reach the
limit to reject this type of invariance (Chen 2007), the value of the RMSEAp, obtained in the
multigroup analysis by job level (RMSEAp = 0.097) could conclude that strict invariance was
not reached. Therefore, strict partial invariance was determined by examining the x? values
and their associated probability in the Lagrange multiplier tests of the strict invariance
model to identify which parameters were to be estimated freely between the two groups.
The highest indices corresponded to the release of the intercept of company promise item 5
(participation in decision making), the release of the residuals of company promise items 2
(guarantee of stable work) and 11 (opportunities for advancement/development), and the
release of the residual of employee promise item 3 (showing loyalty to the organization).
Thus, by freely estimating the intercept and the residuals of the aforementioned items in
both groups, an RMSEAp index of 0.070 was obtained, which provided support for the
existence of strict partial invariance in the multigroup analyses by job level.

Finally, the reliability analysis carried out on the dimensions of the psychological
contract scale, as well as the concurrent validity analyses, are presented and discussed. As
can be seen in Table 9, the dimensions of the psychological contract scale obtained very
good composite reliability indices, all of them above 0.80. Table 9 also shows the results of
the Pearson correlations calculated between the total scores of the scale dimensions and the
scores of the job satisfaction and organizational commitment variables. As shown, the cor-
relations of the psychological contract dimensions with job satisfaction and organizational
commitment were significant, highlighting the values of the correlation indexes established
between company promises and organizational commitment (r = 0.539, p < 0.01), between
justice and trust and job satisfaction (r = 0.510, p < 0.01), and between justice and trust and
organizational commitment (r = 0.604, p < 0.01).
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Table 8. Multigroup measurement invariance analysis results.

x2 df RMSEA (90% CI) CFI  TLI SRMR

Gender

Configurational ~ 2380.557 748 0.059 (0.056,0.062)  0.926  0.901 0.031

Metric 2513.414 860 0.055 (0.052,0.058)  0.926 0.914 0.035

Scalar 2566.104 888 0.054 (0.052,0.057) 0926 0917 0.035

Estrict 2556.413 920 0.053 (0.051,0.056)  0.926  0.920 0.035
Job level

Configurational ~ 2294.409 748 0.058 (0.055,0.060)  0.928  0.904 0.031

Metric 2485.948 860 0.055 (0.052,0.057) 0926 0914 0.040

Scalar 2622.589 888 0.055(0.053,0.058)  0.922 0912 0.041

Strict 2815.269 920 0.057 (0.055,0.059) 0914  0.907 0.044

Partial strict 2701.982 916 0.055 (0.053,0.058) 0918 0911 0.041

RMSEAp (90% CI) ARMSEA ACFI ASRMR

Gender

Configurational

Metric 0.012 (0.000, 0.022) —0.004 0.000 0.004

Scalar 0.019 (0.000, 0.034) —0.001 0.000 0.000

Strict 0.037 (0.026, 0.049) —0.001 0.000 0.000
Job level

Configurational

Metric 0.031 (0.024, 0.038) —0.003 —0.002 0.009

Scalar 0.068 (0.057, 0.079) 0.001 —0.004 0.001

Strict 0.097 (0.087, 0.107) 0.002 —0.008 0.003

Partial strict @ 0.070 (0.059, 0.081) 0.000 —0.003 0.001

Note. N = 1764; x? = chi-square; df = degrees of freedom; RMSEA = root mean square error of approximation;
SRMR = standardized root mean square residual; CFI = comparative fit index; TLI = Tucker-Lewis index; RMSEAp
= root mean square error of approximation associated with the x? difference test; each index is obtained from
comparison with the previous model in the table. The p-values associated with the x? test of fit are 0.000 for all
models. ? Partial strict model is compared with the scalar model.

Table 9. Composite reliability index and correlations between the total scores of the psychological
contract scale dimensions, job satisfaction, and organizational commitment.

1 2 3 4 5 6
1. Fulfillment of company promises 0.867
2. Psychological contract violation —0.309 ** 0.864
3. Fulfillment of employee promises 0.337 ** —0.071 ** 0.876
4. Justice and trust 0.608 ** —0.493 ** 0.250 ** 0.880
5. Job satisfaction 0.427 ** —0434*  0.306*  0.510* 0.800
6. Organizational commitment 0.539 ** —0.336 % 0.424 ** 0.604 **  0.631 ** 0.782

Note. N = 1052; ** = p < 0.01. The values corresponding to the composite reliability index are presented diagonally
and in bold type.

Lastly, the structural equation model calculated to analyze the concurrent valid-
ity of the psychological contract scale is shown in Figure 4. The fit indices were
satisfactory (x? =1928.994; RMSEA = 0.049 [0.046, 0.052]; CFI = 0.917; TLI = 0.901;
SRMR = 0.035), so, by examining the regression coefficients, it can be seen that the four
dimensions of the psychological contract scale significantly influenced job satisfaction and
organizational commitment.
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Figure 4. Concurrent validity as examined by structural equation modeling (SEM). Items measuring
latent variables have been omitted for clarity of understanding. ** = p < 0.01; *** = p < 0.001.

4. Discussion

The purpose of the present study was to validate the psychological contract question-
naire designed by the PSYCONES research team (Guest et al. 2010; Silla et al. 2005). To this
end, first, by parallel analysis and the EKC, the number of factors to be retained in the EFA
was determined. As a result, it could be found that the four-factor structure supported
by these tests coincided with the structure proposed by the authors of the questionnaire
(Guest et al. 2010; Silla et al. 2005). Specifically, the dimensions of (1) fulfillment of company
promises; (2) fulfillment of employee promises; (3) psychological contract violation; and
(4) perceived justice and trust were maintained. These results are consistent with the
recommendations proposed by Freese and Schalk (2008), who determined that a valid
psychological contract assessment instrument should provide separate measures for the
fulfillment of company promises, the fulfillment of worker promises, and the degree of
perceived violation of the psychological contract.

On the other hand, the EFA procedure eliminated 13 items from the original 45 items
of the scale. Even so, the final structure of the questionnaire consisted of 32 items (10 for
fulfillment of company promises, 12 for fulfillment of employee promises, 3 for psycho-
logical contract violation, and 7 for perceived justice and trust), a number very similar
to that shown by other studies, in which instruments have been designed and proposed
to assess the psychological contract with a range of 22 to 57 items (Freese et al. 2008;
Raeder et al. 2009; Spies et al. 2010; Zhang et al. 2020), and which allows each of the di-
mensions of the psychological contract to be adequately explored. Moreover, a qualitative
analysis of the deleted items shows that their content or wording may refer to implausible
situations in the work environment (e.g., “Has the company kept its promises to support
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you with non-work-related problems?”), or may induce social desirability, especially in
items related to the dimension of fulfillment of the worker’s promises (e.g., “Have you kept
your promises to be on time at work?”). This may have hindered the scoring of these items
and, therefore, may have generated some distortion in the estimation of factor loadings.
In this sense, it is difficult for respondents to clearly understand all the definitions of the
promises they make to employers (Conway and Briner 2009) and not be influenced by some
biases in determining their perception of the promises made to the company.

On the other hand, to evaluate the internal structure of the scale, the four-factor
CFA, bifactor CFA, four-factor ESEM, and bifactor ESEM models were tested. The results
obtained show positive fit indices in the four models analyzed, with those in the bifactor
CFA and four-factor ESEM models being significantly higher than those of the four-factor
CFA model, and the bifactor ESEM model being the one with the best overall fit indices.
However, a deeper analysis of the bifactor models did not provide sufficient support to
guarantee the existence of a general factor, so, finally, the four-factor ESEM model was
retained as the one that best represented the structure of the psychological contract scale.

In comparison with the studies published to date on the design and validation of scales
to assess psychological contract, none have employed internal validity analysis techniques
that contrast several models in order to determine which one best fits the data (Guerrero
2005; Raeder et al. 2009; Spies et al. 2010; Zhang et al. 2020). Furthermore, the relevance
of the present study also lies in the evidence provided on the factorial structure of the
psychological contract scale of the PSYCONES team (Guest et al. 2010; Silla et al. 2005),
continuing with the line proposed by Alcover et al. (2017) and Topa et al. (2022), and
responding to the need raised by these authors for further research to clarify this issue. The
large sample used to carry out the analyses, together with the cross-validation methodology
and the reliability indices obtained for each dimension, support the robustness of the results.

At the same time, and in line with the above, the multigroup measurement invariance
analyses support the non-existence of significant differences in the interpretation of the
scale according to gender and job level, which evidences the stability of the model and
facilitates the utilization of the questionnaire as a useful measurement tool. To date, no
published work on the measurement of the psychological contract is known to have been
subjected to multigroup invariance analysis, a technique that is currently considered in
the social sciences as a necessary prerequisite to be able to make comparisons between
groups, as it ensures that items have the same meaning in all groupings (Maassen et al.
2023; Putnick and Bornstein 2016).

It should be noted that the fact that the presence of invariance with respect to job level
has been demonstrated does not imply that there are no differences in the dimensions of
the psychological contract between basic workers and middle or managerial managers.
On the contrary, the presence of invariance with respect to this grouping factor confirms
that it is possible to compare this construct across groups (Protzko 2024). Measurement
invariance determines that all effects of the grouping variable on the items are completely
mediated by the latent construct (Borsboom 2023). In other words, when invariance occurs,
all differences in the observed measure between groups can be explained by the differences
caused by the grouping factor in the latent construct. By contrast, when invariance does not
occur, group differences in the latent construct will lead to group differences in the items,
but there will also be differences in the items between groups that will be the consequence
of some other mechanism that is not included in the model.

Finally, the concurrent validity analyses conducted provide evidence of significant
relationships between the dimensions of the psychological contract scale and job satisfac-
tion and organizational commitment, two of the most studied variables as an outcome
of the psychological contract (Topa et al. 2022; Zhao et al. 2007). More specifically, the
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review by Topa et al. (2022) found that, in the scientific literature, the relationships between
psychological contract breach and job satisfaction range from r = —0.45 to —0.38, while
the relationships between psychological contract breach and organizational commitment
range from r = —0.38 to —0.32. Very similarly, in the present study, the analyses performed
have shown that the psychological contract violation dimension presented a negative and
significant correlation with job satisfaction (r = —0.434) and with organizational commit-
ment (r = —0.336). Likewise, the structural equation model revealed that all the dimensions
of the scale significantly influenced the variables of job satisfaction and organizational
commitment. Such results are in line with other similar studies that have found that the
psychological contract, and more specifically, its fulfillment, exerted a significant influence
on job satisfaction and organizational commitment to a similar magnitude (Ampofo 2020;
Bravo et al. 2019; Karani Mehta et al. 2024; Rodwell et al. 2022).

The results of this research not only determine the validity of the PSYCONES ques-
tionnaire as a reliable tool for measuring the psychological contract in the work context but
also highlight its potential application in organizational management. In practical terms,
the questionnaire can be used by human resources professionals and managers to assess
employees’ perception of the fulfillment of organizational promises, detect possible gaps in
the employee-employer relationship, and anticipate problems related to job dissatisfaction
and organizational commitment. This would allow companies to design more effective
strategies to strengthen trust and the perception of fairness within the organization, key
aspects for talent retention and well-being at work (Gelencsér et al. 2023). Moreover, from
a sectoral perspective, the PSYCONES questionnaire may be especially useful in industries
where the state of the psychological contract plays a crucial role in employee motivation
and performance. Sectors with high employee turnover, such as hospitality, retail, and ser-
vices, can benefit from its application to identify factors that influence employee retention.
Likewise, in sectors with a high degree of specialization, such as technology, education, or
healthcare, the measurement of the psychological contract can help to design retention and
career development policies aligned with employee expectations.

As organizations adapt to a constantly changing reality, measuring the psychological
contract becomes essential to understand how mutual expectations and obligations have
evolved in this changing context. Having validated and updated instruments will allow for
a more accurate assessment of emerging work dynamics and their impact on employee well-
being, satisfaction, and retention, thus contributing to effective talent management today.

In summary, it is considered that the present research contributes to the advancement
of the study of the psychological contract by providing a questionnaire with good psycho-
metric properties that allows the perception of this construct in workers to be evaluated.

5. Limitations and Future Research Directions

Despite the contributions of this study, it is worth pointing out some limitations and
future lines of research. The first is the simple fact of using self-report questionnaires
as a form of data collection, since one of the main difficulties in the evaluation of the
psychological contract lies in something as elementary as its definition, which, as described
by Rousseau (1990), corresponds to individual perceptions of the promises and obligations
existing between an employee and his or her employer. In this sense, it is easy to think
that there may be a situation in which an employee perceives promises made by his or her
employer that have never actually been fulfilled and that are the result of misinterpretations
by the individual himself or herself. It is therefore important to consider the possibility of
developing forms of evaluation of this construct that are not limited to the use of self-reports
but allow for the introduction of diverse sources of information that facilitate comparison
of the data obtained.
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Additionally, it would also be very relevant to develop measures that evaluate not
only the fulfillment or non-fulfillment of the different promises but also the importance
that each of them has for the employee. In other words, the value of a promise may be
perceived differently by employees, which affects their perception of the fulfillment or
non-fulfillment of the contract in a different way (De Vos and Meganck 2009; Kraak et al.
2017). For example, a person may perceive a breach of contract if the promise that was most
important to him or her has not been fulfilled, even if all other promises of lesser value have
been fulfilled (Freese and Schalk 2008). In short, new lines of research aimed at developing
methods for assessing the psychological contract must consider the relevance of specific
promises to the employee. This means that, when assessing whether the psychological
contract has been fulfilled or not, it is essential to take into account not only the fulfillment
but also the value or importance of the promise for the employee.

On the other hand, although this work has demonstrated the invariance of the ques-
tionnaire through two sociodemographic factors, it is also of great interest to know how
the different dimensions of the scale can function with different sectors or with different
working conditions, such as the type of employment contract. In the sample of the present
research, due to the unequal number of participants among the different sectors or the type
of contract, multigroup measurement invariance analysis was not carried out with these
sociodemographic variables in order to avoid biased estimates caused by very different
sample sizes among the groups. Therefore, another possible line of research with great
relevance corresponds to the analysis of the performance of this scale, with workers from
different sectors and types of employment contracts to verify whether this invariance is
indeed maintained or whether there are substantial differences. Furthermore, in relation
to invariance, one limitation to note is that the sociodemographic variable job level was
recoded to obtain two groups of similar size, which has made it necessary to collapse two
categories into one, leaving this variable represented by two categories (basic workers and
supervisors/managers), instead of the three that it initially contained. Therefore, future
studies should further analyze the invariance of this scale with respect to job level and
determine whether the structure is indeed stable between entry-level workers, supervisors
and managers or directors.

Finally, although the total sample size is considerable and allows researchers to obtain
relevant conclusions, the fact that these results were obtained with a sample of working
people belonging to the Spanish labor context may make the generalization of these data
require caution, since the labor situation present in Spanish society may be very different
from the labor realities of other countries, which may also have an impact on the con-
tent and status of the psychological contract (Aldossari et al. 2024; Conway et al. 2014;
Jayaweera et al. 2021; Metz et al. 2012). Thus, it is necessary to recognize that the findings
provided here, while important for academia and psychological contract research, should
not be taken as an endpoint. On the contrary, other researchers are encouraged to conduct
similar studies that measure the psychological contract through the scale presented in this
research in order to further deepen the analysis of its validity and factorial structure.
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